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Q: Do LLM-Simulated Conversations A. Not Yet. LLM-Simulated Conversations Remain Unreliable
Reproduce Human Group Behavior? Proxies for Human Group Behavior and Are Difficult to Control.

LLM-simulated conversations are increasingly 1. Human conversations exhibit natural complexity due to mistakes

being used as proxies for human conversations in e Humans make misunderstandings and interruptions

applications from social media prototyping to e Complexities arise in the correction of mistakes and negotiations

hypothesis testing in social sciences. 2. LLM-simulated conversations exhibit different complexities

What Did We Do? a. Too efficient with vanilla prompting

This is the First Work Focusing on Analyzing b. Too conflicting when prompted to reproduce human complexities

Inconsistent and Uncollaborative Behaviors ¢, Amplify specific issues like repetition when fine-tuned
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e \We introduce CoCoEval, which provides
turn-level detection of 10 types of inconsistent
and uncollaborative behaviors

e \We compare the frequencies of inconsistent and
uncollaborative behaviors of LLMs and humans SverirConsistant s Eallaberative Natural Complexity Overproduced Disagreement
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CoCoEval: Evaluation Framework with Turn-Level Behavior Detection
Method: Turn-Level Detection of 10 Behaviors

Conventional Evaluation Based on ™ CoCoEval: Fine-Grained Evaluation Based on Turn-Level Behavior Detection -
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CoCoEval Provides a Detailed and Interpretable Comparison Conventional Metrics Fail to Separate
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